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In an era of unprecedented financial complexity, treasury management functions are 

increasingly integrating Artificial Intelligence (AI) to optimize liquidity, risk management, 

forecasting, and operational efficiency. This paper investigates how AI technologies—such as 

machine learning, natural language processing, and predictive analytics—are reshaping 

corporate treasury functions. Traditional treasury activities, historically reliant on manual 

processes and simplistic statistical models, face limitations in handling vast datasets, rapid 

market shifts, and complex risk exposures. AI promises enhanced accuracy in cash flow 

forecasting, real-time risk assessment, anomaly detection, and automated decision support, 

offering agility that aligns with dynamic financial ecosystems. 

This research synthesizes literature, case studies, and empirical frameworks to examine 

the strategic implications, technology adoption challenges, governance considerations, and 

ethical concerns inherent in AI-enabled treasury systems. It also proposes a conceptual model 

for AI integration that balances technological capabilities with organizational readiness and 

regulatory compliance. Preliminary findings suggest that while AI can significantly improve 

forecasting precision and risk mitigation, successful implementation depends on data quality, 

cross-functional collaboration, and robust risk control frameworks. The paper concludes with 

recommendations for treasury professionals, technology vendors, and policymakers to harness 

AI responsibly while addressing operational, ethical, and regulatory challenges. 

Key Words : Artificial Intelligence, Treasury Management, Liquidity Management, Cash 

Flow Forecasting, Financial Risk Management, Machine Learning, Predictive Analytics, 

Financial Decision-Making 

Introduction : 

The global financial landscape is characterized by complexity, uncertainty, and rapid 

changes in market conditions. Corporate treasury functions—which manage liquidity, funding, 

risk, and financial operations—must adapt to these dynamics with greater speed and precision. 

Historically, treasury management relied on manual processes, rule-based systems, and 

traditional statistical models for forecasting and risk analysis. However, these approaches often 

fall short when handling large, high-velocity data streams and non-linear market behavior. 

Artificial Intelligence (AI) has emerged as a transformative force in finance,  

https://doi.org/10.63665/rh.v7i2.03


RESEARCH HUB 
International Peer-Reviewed Multidisciplinary E-Journal 

Website : www.researchhub.org.in/research-hub                  !!                  Email : researchhubjournal@gmail.com 

Published In Collaboration With 
                                                                          Nabira Mahavidyalay, Katol                                                                                                        

                           INTERNATIONAL CONFERENCE ON ARTIFICIAL INTELLIGENCE & THE FUTURE OF SOCIETY  Page-13 

Volume-7 (2026) 
Special Issue-2 (March) 

ISSN 

2582-9173 

 

empowering institutions to extract insights from complex data, automate repetitive tasks, and 

enable real-time decision support. Within treasury management, AI applications range from 

machine learning (ML) models for cash flow forecasting to natural language processing (NLP) 

for sentiment analysis and anomaly detection. This paper examines the roles, opportunities, 

challenges, and strategic implications of AI in treasury management, providing insights into 

how organizations can leverage AI to enhance operational efficiency, risk resilience, and 

strategic value. 

Literature Review : 

Recent industry surveys show that Indian treasury functions are increasingly 

prioritizing AI and automation as core strategic investments. According to the EY India 

Corporate Treasury Survey 2025, a significant majority of Indian corporate treasuries regard 

AI as critical for future strategy, with 82% of treasury leaders planning or progressing toward 

AI adoption in areas such as cash forecasting, foreign exchange risk, trade finance, and working 

capital optimization. This research indicates a shift in Indian treasuries from pilot projects to 

practical deployment, emphasizing predictive analytics, automation, and real-time insight 

delivery for strategic decision-making. 

This trend reflects a broader transformation in the Indian financial management 

landscape, where treasury functions no longer remain confined to traditional cash and risk 

management roles but are evolving toward digitally enabled, analytics-driven decision 

platforms. These findings are consistent across multiple business publications highlighting the 

growing priority of AI and automation among Indian corporate treasuries preparing for a 

digitally native future by 2030. 

Research Gap in Indian Academic Literature : 

Despite the emerging industry interest and broader studies on AI in finance, dedicated 

academic research on AI specifically within Indian corporate treasury management remains 

limited. Most available Indian literature either: 

• focuses on general AI adoption in financial institutions; 

• examines AI in banking, risk analysis, and operational domains, or 

• discusses general financial decision-making impacts of AI rather than treasury-centric 

models. 

Thus, your research fills an important gap by linking AI technology frameworks, 

practical treasury use cases, and India-specific adoption data—a synthesis that is currently 

underrepresented in Indian academic publishing. 

Theoretical Framework : 

AI technologies span a continuum, from supervised learning (predictive models trained 

on labeled historical data), unsupervised learning (pattern discovery without labels), to 

reinforcement learning (decision optimization through trial-and-error). Within treasury 

contexts, ML and deep learning models are most prevalent for forecasting and risk  



RESEARCH HUB 
International Peer-Reviewed Multidisciplinary E-Journal 

Website : www.researchhub.org.in/research-hub                  !!                  Email : researchhubjournal@gmail.com 

Published In Collaboration With 
                                                                          Nabira Mahavidyalay, Katol                                                                                                        

                           INTERNATIONAL CONFERENCE ON ARTIFICIAL INTELLIGENCE & THE FUTURE OF SOCIETY  Page-14 

Volume-7 (2026) 
Special Issue-2 (March) 

ISSN 

2582-9173 

 

assessment, while NLP facilitates analysis of text data, such as news or financial disclosures. 

1. Cash Flow Forecasting : 

Recent industry surveys show that Indian treasury functions are increasingly 

prioritizing AI and automation as core strategic investments. According to the EY India 

Corporate Treasury Survey 2025, a significant majority of Indian corporate treasuries regard 

AI as critical for future strategy, with 82% of treasury leaders planning or progressing toward 

AI adoption in areas such as cash forecasting, foreign exchange risk, trade finance, and working 

capital optimization. This research indicates a shift in Indian treasuries from pilot projects to 

practical deployment, emphasizing predictive analytics, automation, and real-time insight 

delivery for strategic decision-making Traditional time-series models (e.g., ARIMA) assume 

linear relationships and stationary data—assumptions often violated by real world financial 

time series. AI models (e.g., XGBoost, LSTM neural networks) can learn complex, non-linear 

patterns and accommodate multi-frequency, multi-source data inputs, improving forecast 

accuracy. 

2. Risk Management : 

Treasury risk functions monitor market, credit, and operational risks. AI systems can 

process high-frequency market data to estimate Value-at-Risk (VaR), stress scenarios, and 

detect anomalous trading or settlement activities. Unsupervised clustering can identify unusual 

patterns indicative of fraud or operational breakdowns. 

3. Operational Automation : 

Treasury operations include settlements, reconciliations, compliance checks, and 

reporting. Robotic Process Automation (RPA) combined with AI can significantly reduce 

manual workload and error rates. 

AI Applications in Treasury Management : 

1. Liquidity and Cash Flow Forecasting : 

Traditional forecasting methods struggle with volatility and high dimensionality. AI 

models can integrate internal ERP/ERP data with external drivers (e.g., FX rates, economic 

indicators) to offer dynamic forecasts. 

Case Example : A multinational corporation implemented an LSTM neural network to predict 

daily cash balances across subsidiaries. The result was a significant reduction in forecast error 

compared to ARIMA baselines. 

2. Risk Analytics and Scenario Planning : 

AI facilitates advanced risk analytics by enabling scenario analysis that accounts for 

non-linear contagion effects during market stress. Reinforcement learning can optimize 

hedging strategies under multiple objectives. 

Case Example : A financial institution deployed reinforcement learning to optimize FX  
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hedging, balancing cost, risk appetite, and volatility exposure. This led to improved hedging 

efficiency and risk-adjusted outcomes. 

3. Anomaly Detection and Fraud Prevention : 

AI models trained on historical transaction data can identify outliers that deviate from 

normal patterns, enabling early detection of fraud or system errors. 

Case Example : A global treasury implemented unsupervised clustering to monitor payments 

data, reducing false positives and highlighting potential compliance breaches faster than 

traditional rule-based systems. 

4. Operational Efficiency and RPA : 

AI-augmented RPA can automate repetitive tasks such as bank reconciliation, report 

generation, and compliance checks while ensuring audit trails and exception handling. 

5. Benefits and Strategic Value : 

AI adoption in treasury yields multiple benefits: 

• Improved Forecast Accuracy : Enhanced predictive models reduce uncertainty and 

enable better liquidity planning. 

• Real-Time Decision Support : Enables proactive responses to market movements and 

cash fluctuations. 

• Cost Reduction : Automation reduces manual workload and operational costs. 

• Enhanced Risk Management : AI adds deeper insights into non-linear risk exposures 

and scenario impacts. 

• Scalability : AI systems can scale to handle growing data volumes without proportional 

increases in headcount. 

Research Methodology : 

1. Research Design : 

The present study adopts a descriptive and exploratory research design, suitable for 

examining the emerging application of Artificial Intelligence (AI) in treasury management 

within the Indian corporate environment. Given the evolving nature of AI adoption in Indian 

treasury functions, the research emphasizes understanding trends, practices, benefits, and 

challenges rather than hypothesis testing alone. A mixed-method approach, integrating 

qualitative and secondary data analysis, is employed to ensure comprehensive insights. 

2. Nature of Data : 

The study is primarily based on secondary data, supplemented by qualitative insights 

derived from Indian industry practices. 

Secondary Data Sources : 

Secondary data were collected from : 
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• Published research articles in Indian and international journals 

• Industry reports by consulting firms (EY India, Deloitte India, KPMG India, PwC 

India) 

• Reports and circulars issued by the Reserve Bank of India (RBI) 

• Conference proceedings, working papers, and doctoral theses related to AI and financial 

management 

• Reputed financial newspapers and business magazines (Economic Times, Business 

Standard, Financial Express) 

The period of study spans 2015 to 2025, capturing the rapid acceleration of AI adoption 

in Indian financial and treasury functions. 

3. Scope of the Study : 

The scope of the research is confined to: 

• Indian corporate treasury functions, including large corporates, multinational 

subsidiaries operating in India, and financial institutions 

• AI applications related to liquidity management, cash flow forecasting, risk analytics, 

fraud detection, and treasury process automation 

• Governance, regulatory, and ethical considerations relevant to the Indian financial 

ecosystem 

4. Method of Data Analysis : 

The collected data were analyzed using qualitative content analysis and thematic 

analysis. Key themes such as AI adoption drivers, operational efficiency, risk management 

improvements, governance challenges, and regulatory compliance were identified and 

systematically categorized. 

Comparative analysis was conducted between : 

• Traditional treasury management practices in India 

• AI-enabled treasury models adopted by Indian organizations 

This approach facilitated the identification of gaps, opportunities, and best practices 

relevant to the Indian context. 

5. Case Study Approach : 

To enhance practical relevance, selected Indian and India-operating multinational 

organizations were examined through published case studies and industry examples. These 

case illustrations focus on: 

• AI-based cash flow forecasting models 

• FX risk and liquidity optimization systems 

• Automation of treasury operations using AI-enabled RPA 

The case study approach helps bridge the gap between theoretical frameworks and  
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real-world treasury practices in India. 

6. Conceptual Framework Development : 

Based on insights from literature review and Indian industry practices, a conceptual 

framework for AI integration in treasury management was developed. The framework 

emphasizes: 

• Organizational readiness in Indian firms 

• Data infrastructure and technology capabilities 

• Regulatory compliance and governance mechanisms 

• Continuous monitoring and risk control 

This framework is aligned with Indian regulatory expectations and corporate 

governance standards. 

7. Ethical and Regulatory Considerations : 

The study adheres to ethical research standards by relying on publicly available data 

and ensuring proper acknowledgment of sources. Regulatory considerations specific to India—

such as data privacy norms, financial reporting standards, and RBI guidelines—are 

incorporated into the analysis to ensure contextual relevance. 

8. Research Significance : 

The methodology adopted enables a structured examination of AI’s role in Indian 

treasury management while contributing to academic literature and offering practical insights 

for treasury professionals, policymakers, and researchers in India. 

Research Objectives : 

1. Primary Objective : 

• To examine the role of Artificial Intelligence (AI) in transforming treasury management 

practices with specific reference to liquidity management, risk management, and 

financial decision-making in the Indian corporate context. 

2. Secondary Objectives : 

1. To study the concept and evolution of Artificial Intelligence in financial and treasury 

management. 

2. To analyze traditional treasury management practices and identify their limitations in 

handling complex financial data. 

3. To examine the application of AI technologies such as machine learning, predictive 

analytics, and automation in treasury functions. 

4. To evaluate the impact of AI on cash flow forecasting and liquidity management. 

5. To assess the role of AI in enhancing treasury risk management, including market, 

credit, and operational risks. 

6. To identify challenges and constraints in the adoption of AI in treasury management  
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in India. 

7. To suggest measures and recommendations for Indian organizations to adopt AI 

responsibly and effectively in treasury management. 

Research Hypotheses : 

Simplified Hypotheses : 

• AI adoption improves treasury liquidity management. 

• AI enhances accuracy in cash flow forecasting. 

• AI strengthens treasury risk management practices. 

• AI improves efficiency and quality of financial decision-making. 

• Governance and regulatory factors affect AI implementation in Indian treasury 

functions. 

Challenges and Limitations : 

Despite advantages, AI adoption in treasury faces challenges: 

1. Data Quality and Integration : 

AI’s effectiveness is dependent on data availability, accuracy, and integration across 

sources. Treasury data often resides in siloed systems, complicating unified modeling. 

2. Model Governance and Explainability : 

Treasury stakeholders require transparent models for compliance and strategic 

justification. Black-box AI models may raise interpretability issues for auditors and regulators. 

3. Organizational Readiness : 

Adoption requires investment in infrastructure, talent, and change management. 

Treasury teams may lack data science expertise and must foster collaboration with IT and 

analytics teams. 

4. Regulatory and Ethical Considerations : 

AI systems must comply with financial regulations concerning data privacy, model 

fairness, and automated decision-making controls. Ethical considerations emerge when AI 

decisions significantly impact financial outcomes. 

Conceptual Framework for AI Integration : 

We propose a four-stage framework: 

1. Readiness Assessment : Evaluate data infrastructure, talent, governance structure, and 

strategic objectives. 

2. Pilot and Validation : Implement proof-of-concept models for specific use cases (e.g., 

forecasting), assess performance and explainability. 

3. Scaling and Integration : Deploy AI systems into treasury ecosystems, ensuring cross- 
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system interoperability and real-time data pipelines. 

4. Governance and Monitoring : Establish continuous monitoring, audit trails, model 

retraining cycles, and risk controls. 

This framework emphasizes iterative development, stakeholder engagement, and 

alignment with regulatory standards. 

Future Research Directions : 

Future research should explore : 

• Hybrid models combining AI with economic theory for better interpretability. 

• Ethical frameworks for AI in high-stakes financial decision contexts. 

• AI’s role in sustainable finance and ESG risk quantification in treasury decisions. 

Conclusion : 

AI is reshaping treasury management by enabling advanced forecasting, risk analytics, 

and operational automation. While AI adoption holds transformative potential, its success 

hinges on data quality, governance, interpretability, and organizational readiness. Treasury 

leaders must balance technological capabilities with strategic oversight, embedding robust 

controls and ethical considerations. 

The future of treasury will be defined by how well organizations integrate AI into 

strategic decision cycles while maintaining compliance, transparency, and resilience in an 

increasingly complex financial environment. 
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